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Abstract. Music plays a significant role in social interactions across cul-
tures, carrying diverse meanings and serving various personal and global
purposes. Therefore, it is crucial that music platforms ensure that users
from diverse groups feel recognized, fairly treated, and satisfied with their
recommendations. This study examines how "representation" nudges in-
fluence playlist selection and user attitudes towards different minority
groups. The results indicate that users appreciated the labels, provided
that they recognized the associated user group as a minority that needs
attention. In some cases, users changed their playlists accordingly, par-
ticularly when they are in line with their personal preferences.

Keywords: Music recommendation - Playlists - Minority representation
- Nudges

1 Introduction

Music is an integral part of social interactions and experiences in diverse cul-
tures [36]. It carries significant social meanings and serves various functions, from
fostering self-awareness and creating social bonds to conveying emotions [18§].
Music is a potent medium for expressing local concerns, with teenagers espe-
cially using their music preferences to shape and define their identities [30, 25].

Recommender Systems (RS) process large volumes of choices to suggest the
most appropriate and relevant items to users. However, these systems tend to fa-
vor certain items, recommending them more frequently, while other items receive
less attention [22]. As a result, the group with the least coherence to popular
tastes is most affected, often receiving poorer recommendations [1].

Research shows that users who prefer non-mainstream music have more ex-
tensive profiles and listen to a wider variety of artists than those who favor
mainstream music. This highlights the need to improve recommendations for
these users [22]. Recommending less popular, long-tail items is also beneficial
to diversify recommendations for mainstream users and to increase exposure of
lesser known artists and songs [3, 29]. Platforms like Music recommender system
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(MRS) use techniques such as nudging [11] to subtly guide user decisions toward
better outcomes without enforcing specific choices [35].

For this study, we tailored playlists for user dimensions like age, origins, gen-
der, and sexual orientation, and used representation nudges to inform users —
who may or may not belong to the associated user groups — about these dimen-
sions, in order to assess their acceptance. These dimensions have been previously
explored in evaluating biases in recommender systems [12,14]. Also, the study
aimed to determine whether the nudges associated with various minority groups
influenced the participants’ playlist preferences.

2 Literature Review

In RS, fairness and equity are increasingly considered important. Research [21,
32| on fairness often defines fairness uniformly across all groups. However, it
is essential to recognize that fairness should be defined differently for different
groups [6]. Freeman et al. [16] view fairness as a dynamic state, where current
relations between advantaged and disadvantaged groups are not considered as
a given, but as dynamics that should be explicitly shaped by system decisions.
Researchers have recently explored rich sub-group fairness, aiming for fairness
across multiple intersecting subgroup categories [21].

Within recommender systems, nudges are interface elements that aim to steer
user choices in directions that are considered more desirable [20]. Nudging has
proven effective in various areas, including sustainable transportation [2], energy
conservation [33], green transportation [5], eco-friendly clothing [8], healthier eat-
ing [34, 13|, and privacy awareness [28]. In music recommendations, for instance,
nudges may help users explore new genres, encouraging them to go beyond their
usual preferences [23].

Playlists are vital to online music listening, with most users creating them
for personal and shared use. Platforms like Spotify offer tools for creating and
curating playlists based on user preferences. The curation of playlists highlighting
specific themes serves as a form of self-expression, a feature of identity, and
contributes to the expansion of public culture [26, 27]. This curation can also raise
awareness about inequality and help unite minority communities [37]. Another
study demonstrates that identity plays a crucial role in the creation of playlists
on streaming platforms [17].

Studies [15, 24] highlight concerns about gender balance and bias, with women
often receiving less accurate recommendations. Also, recommending ethnic or
region-specific music is challenging due to its poor fit with Western-based meth-
ods and small user bases [7,9]. Research [10] examines how LGBTQ-themed
playlists influence and reflect LGBTQ identities and cultures.

In our current study, we aim to apply nudging strategies to highlight minority
groups in recommender systems, thereby fostering a more inclusive platform.
This research could potentially alter user directions and increase awareness of
minority groups within the majority.
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3 Methodology

This section describes the method and study design. We utilized the vignettes
method [4], which is effective in HCT studies. This technique involves presenting
participants with specific scenarios or stories and then asking them questions to
understand their reactions, attitudes, or decision-making processes. Participants
were provided with different scenarios introducing nudges and were asked to
select playlists and answer questions related to their choices in the study.

The purpose of the study was to explore whether playlist adaptations affect
participants’ choices in terms of playlist selection. There were two rounds in
this study. In each round, participants were presented with four sets of three
playlists, with each playlist consisting of 15 songs. Each set of three playlists
was presented on a separate screen, and in each set, there was one playlist with
a specific equity-focused optimization and two generic, base-line playlists.

All playlists included a balanced mix of songs selected from the current
charts?, popular songs from the 2010s*, and popular R&B songs®. Additionally,
each optimized playlist contained 4 songs selected for users from a particular age
group, origin, gender, or orientation, selected from reputable national and inter-
national song collections: a 40+ Retro Playlist with popular classic rock songs®,
a Europeanized Playlist including Dutch, German and French songs’, a Gender-
Balanced Playlist featuring Power Women songs®, and a Rainbow Playlist boast-
ing songs popular among the queer community®.

We created an interactive website for this study'®, with the aim to entertain
the participants and to solicit their reactions. The study was carried out either
in person or online via Teams, with the experimenter guiding the participants
through the study. Participants consented to be recorded.

In the first round, participants were consecutively presented with four web
pages, each containing a set of three playlists. Their task was to simply select
the playlist they preferred from the set of three. An example selection screen is
displayed in Figure 1.

Participants were not given any indication about possible playlist interven-
tions and were asked to think aloud during the process. Each interface con-
tained one optimized playlist and in order to keep conversations comparable,
the order of optimized playlists and associated user groups (age, origin, gender,

3 https://www.top40.nl/top40,/2024 /week-4

4 https://open.spotify.com /playlist /6JpGyljFccZ6 COEIPnDZKu

® https://thefortyfive.com/opinion/best-r-and-b-songs-of-all-time /

5 https://www.arrow.nl/wp-content /uploads/2023/10,/ Arrow-Classic-Rock-500-2023-
100-11.pdf

7 https://www.nporadio2.nl/nieuws/npo-radio-2,/31f4a2a2-32fc-
4e75-88f1-b6e73a283f5d /dit-is-de-koninklijke-500-van-2022,
https://www.muziekweb.nl/en/Link /HCX1490/De-40-bekendste-Duitse-liedjes,
https://www.top40.nl/overig-nieuws-de-grootste-franstalige-hit

& https://www.seventeen.com/celebrity /music/g22878449 /girl-power-songs,/

9 https://www.timeout.com/music/best-gay-songs

10 https://www.projects.science.uu.nl /ics-playlistselection /
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Fig. 1. Playlist selection in the first round. All playlists, including the optimized one,
are presented equally, in randomized order.

orientation) was fixed, ordered by the expected increasing controversy. Within
each interface, the order of the playlists was randomized to avoid middle-option
bias [31], but the altered playlist remained the same.

In the second round, four types of labels were used, each referring to the
user group dimensions mentioned above. The labels were intended to serve as
nudges to raise attention for the suggested disadvantages that user groups may
experience within the platform. The labels of the optimized playlists had a dif-
ferent pastel background color compared to the other two playlists. The pastel
colors were used to reduce any bias caused by color. In addition, the songs as-
sociated with the user group dimensions were highlighted with a different pastel
background color, demonstrating how these user groups could be better accom-
modated. In Figure 2, there is an example of the optimized playlist, the label
suggests that it is a Europeanised playlist and the highlighted songs with differ-
ent background are the songs associated with this dimension.

At the end of the second round, participants were asked questions related
to how comfortable they are with the optimizations, how well they rated the
adaptations to the user groups, as well as their familiarity and association with
each of the four user groups. Finally, participants were asked to comment upon
the optimized playlist and they were invited to change their choice or to indicate
that they would stick to their initial choice with this additional knowledge.
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Europeanized Playlist

“Chsrdrive™ - Dlenbach faal.
Koxmma Jean Madting

“Unhealby” - Arme-Mare fest.
Srania Twan

“Alers Oa Danga™ - SEromai
Yo, Andt - Avigna Grande
“The Door™ - Teddy Swirs

"Teh hah' g Lk gasien” -
Viky nandrs

“Thinking Out Loud™ -Ed
Shesran

WAt Ao " - Adeky
“Bad Guy” - Bilie Elish

"Gomacns Yo Loved” - Lews
Capai

"Dt Hal 3 Gaxdaan®™ - Misad

“The Boy & Mne" -Brandy &
Monicn

"Weterfalls” TLC
*Don't Lot go® - En Wogus

"Mo Limit® - 2 Uniimited

Fig. 2. An optimized playlist in the second round, with user group label and highlighted
songs associated with this user group.

4 Results

The study was qualitative in nature and, since it was a preliminary study, we
initially aimed to have 10 participants. However, after 8 participants, we found
that we had reached the intended saturation level.

4.1 User Interaction and Playlist Choices

The playlist selection in the first round and the playlist confirmation or change
in the second round served as a basis for the interviews, reported in the next
subsection. Therefore, we start with a summary of these results. The numbers
presented are indicative and used for interpretation. The participants saw the
playlists in random order, but for convenience, in this section, the optimized
playlist is always Playlist 1.

Age Dimension (40+ Retro): In both rounds, Playlist 1 and Playlist 2 were
picked four times each, showing no particular preference. Playlist 3 was not
selected at all. Apparently, the optimization did not affect participants’ choices.
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Origin Dimension (Europeanized): In the first round, Playlist 1 was chosen
twice, and Playlist 3 was chosen six times. After having seen the nudges in round
2, Playlist 1 was chosen six times, and Playlist 3 was chosen twice. This indicates
that awareness of the optimization influenced participants to choose Playlist 1
more.

Gender Dimension (Power Women): In the first round, Playlist 1 was chosen
five times, and Playlist 3 was chosen three times. After having seen the repre-
sentation nudges, all participants had chosen Playlist 1, apparently indicating a
strong association with the gender dimension.

Orientation Dimension (Rainbow): In the first round, Playlist 1 was chosen
once, and Playlist 3 was chosen seven times. After the nudges have been shown,
Playlist 1 was chosen five times, and Playlist 3 was chosen three times: five
participants changed their choices due to awareness of the optimization.

Overall, the results indicate that the optimized playlists influenced partici-
pants’ choices, especially for the gender, European, and sexual orientation di-
mensions. The age dimension optimization had no apparent effect.

4.2 Interviews

All interviews were transcribed and coded. This section is structured based on
the most important and frequent codes.

Initial selection criteria: Participants’ playlist selections were influenced
by factors that included familiarity with artists and songs, personal preferences,
situational needs, and recommendations. For instance, P1 and P4 prefer familiar
artists like Kensington, Ed Sheeran and Dua Lipa, while P1 and P3 avoid Justin
Bieber. Further, P2 and P4 chose playlists based on specific goals or situations,
whereas P1 and P7 rely on Spotify’s recommendations. Nostalgia also plays a
role, with P1 and P4 mentioning songs from their teenage years.

Affiliation with user groups/dimensions: Participants showed reluc-
tance to choose the optimized playlist for the 40+ demographic, as they felt
this playlist did not resonate with their personal identity or music tastes. For
example, P3 and P8 noted that such playlists felt irrelevant to them, with P7
humorously remarking that a 40+ label made them feel old, despite being only
30.

There was a strong tendency towards supporting European artists, with par-
ticipants highlighting the importance of promoting local talent over dominant
American artists. P6 and P4 mentioned choosing playlists featuring European
artists to align with their tastes and support regional music scenes.

The discussion also highlighted benefits of playlists optimized for queer or
female artists, seeing these as opportunities to explore diverse perspectives and
support underrepresented groups. P7, who does not identify as queer, still ex-
pressed a desire to support queer artists, because they enjoy the positive and
self-affirming messages in their music.

In conclusion, while demographic labels on playlists can influence music se-
lection, personal identity and significance related to those identities play a sig-
nificant role in playlist selection. Participants preferred playlists that align with
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their cultural and regional affiliations and that promote diversity and inclusion,
but at the same time showed hesitation in selecting playlists for a age group with
whom they do not identify and which don’t consider as relevant.

Effects of the optimization: Participants described varied responses to
the effects of playlist optimizations, reflecting their individual preferences and
decision-making processes. P1 and P6 stated that awareness of the optimizations
did not significantly change their choice. They mentioned that they would have
chosen the playlist quicker with the label that served as representation nudge,
but would still go for the same one regardless of the label.

P2, P5, and P7 found the labels interesting, making the playlists seem less
generic. They liked the categorization and felt it helped them discover new music.
P5 felt that the labels provided an extra reason to listen to the playlist and made
them more aware of inclusivity. P7 appreciated the variety and the opportunity
to discover new music from female artists, mentioning that the labels influenced
their initial choice, but would still consider the songs in the playlist.

P3 and P4 had mixed feelings about the labels. P3 shared that while they
usually choose based on the title of the playlist, the additional information made
them consider the gender balance and variety within the playlist. They found
the new dimension of variety appealing and felt it increased the likelihood of
choosing the playlist. P4 felt that while the labels provided a new perspective,
they did not always resonate with their personal preferences. P8 felt that the
labels did not resonate with them personally and preferred playlists that focused
on the music genre rather than the audience’s age or underrepresented groups.

Acceptance of highlighting minorities: Several participants expressed
a desire for the inclusion of various categories to cater to different tastes and
groups. P1 stated that being part of a minority group influences their interest in
such playlists, while P6 emphasized the potential for these playlists to become
mere token gestures if not implemented sincerely. The idea of supporting one’s
minority group through algorithmic boosts was seen positively by P5.

There was also a concern about potential backlash from highlighting minority
groups, especially from right-wing movements. Despite this, P2 felt that repre-
sentation is crucial and that having visible categories for minority communities
is beneficial. P3 was interested in seeing if exposure to minority-focused playlists
could change perceptions among those not identifying with those communities.

5 Discussion

In the first round of playlist selection without any labels, the majority of par-
ticipants mainly based their choices on familiarity with artists and their liking
towards the songs. The context in which they were listening also influenced their
selections. These results are expected and in line with current literature [19]. In
the second round, the participants were shown the optimization labels, along
with the highlighting of the optimized tracks. This affected their selection crite-
ria, as described in the interview results.
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Our participants, all between 20 and 30, found it hard to associate themselves
with the optimized playlist for 404 users, also because they did not consider
this group a user group that lacks representation. By contrast, the European
dimension did prompt participants to change their choices, as they are aware of
the issues faced by these artists and consider them a minority on the platform.

For the dimension of gender and orientation, there was a significant effect
as well. Since the participants were already familiar with these groups being
discriminated, they felt that promoting these groups would create a more positive
and inclusive atmosphere. Their familiarity with these groups is also a result of
these groups being discussed on a broader level in the current society.

However, the participants’ decision to select a different playlist was affected
by personal preferences as well. Although a couple of participants considered the
minority representation an important aspect, they still preferred to go with the
option they originally selected. This may be interpreted as a potential conflict
of interest between the wish (or social desirability) to appreciate values like
inclusivity on the one hand and the wish to enjoy songs of their own preference
on the other hand — in cases where these two factors do not align.

Furthermore, participants emphasized that superficial labeling would not be
helpful. There was a mention of backlash as well from groups that do not like
minorities being represented, but still considered visibility to be important and
beneficial, as this could also help in changing perceptions among such users.

6 Conclusion

In this study, we aimed to investigate whether optimized playlists and asso-
ciated labels for four different minority groups (age group, origin, gender and
orientation) had any effect on the choice selection of participants. The results
indicated that these labels did influence participants’ choices, but only if they
identified with or sympathized with the respective minority group, emphasizing
the importance of meaningful labels over superficial ones. The second aspect of
the study focused on whether participants would be comfortable with a plat-
form that highlights minority preferences. Participants indeed showed positive
attitudes, although they raised questions about potential backlash.

This preliminary study, being qualitative in nature, could be expanded into
a more quantitative study by using the interface as a survey tool to gather
responses from a larger sample group, in order to analyze patterns in playlist
selection. Systematic variations and planned comparisons could also provide spe-
cific strategies to solve potential conflicts of interest between users wanting to
show their sympathy with specific non-mainstream user groups — by accepting
(or even embracing) the associated songs and genres in their choice architecture
— and the desire to still have playlists and recommendations optimized for their
own preferences.
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